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Analysis of Urban Hotspots and Routes Based on Taxi Routes Clustering
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Summary: With the high-speed development and widespread use of technologies such as satellite positioning and car
navigation, a large number of taxi route data have been recorded. Clustering analysis of taxi routes to discover hot spots and
route in cities can provide reference for city intelligent traffic planning, intelligent travel guidance for passengers, and analysis
of people’s daily travel patterns. The research data in this paper is the GPS route data of about 12,000 taxis in Beijing in
2012.11.1-11.7. Firstly, the original data needs to be preprocessed. Then, based on the general rules of the residents' travel,
combined with specific application scenarios, utilizes a suitable clustering algorithm from point data clustering and route

clustering to get the hot spots of getting on or off and the hot routes of taxis.
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