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[1] K. Qian, et al. "AutoVC: Zero-shot voice style transfer with only autoencoder loss." International Conference on Machine Learning. PMLR, 2019.
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Introduction to ”"Design and Prototyping of a Software Defined Vehicular

Networking”

Background

VANET
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Problem: Only simulation results
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Jonathan Long, Evan Shelhamer, Trevor Darrell, “Fully convolutional networks for semantic segmentation,” IEEE CVPR2015, pp. 3432-3440, 2015. DOI:10.1109/CVPR.2015.7298965.





