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Synthetic Handwriting Generation Rules for Handwriting Recognition Systems
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Summary: This article first describes synthetic handwriting generation for handwriting recognition systems. There are reported
some methods for synthetic handwriting generation, and they can show good performance to generate synthetic handwriting as
additional training dataset. But, some synthetic data are seemed unnatural. These unnatural data will be noise for training
recognition systems. Therefore the improvement of the synthetic generation performance to enlarge training dataset for handwriting
recognition systems, reaches the ceiling. In this research, | propose a method of synthetic handwriting generation with
“Biohandwriting” for generating synthetic data seemed natural. It generates dataset by selection natural data, and unnatural data will
be reduced. Finally, | show results of the experiment that compare generated synthetic data by the proposed method with randomly
synthetic data.
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